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Appendix B Items
All items were measured using a seven-point Likert scale with the endpoints strongly disagree to strongly agree, unless noted otherwise.
Expectation Items
Usefulness I expect that <system> will enable me to accomplish tasks more quickly. I expect that <system> will improve the quality of the work I do. I expect that <system> will make it easier to do my job. I expect that <system> will enhance my effectiveness on the job. I expect that <system> will give me greater control over my job. I expect that <system> will improve my productivity.
Ease of Use I expect that it will be easy to get <system> to do what I want it to do. I expect that overall,<system> will be easy to use. I expect that learning to operate <system> will be easy for me. I expect that interacting with <system> will not require a lot of my mental effort.
Experience Items
Usefulness <system> enables me to accomplish tasks more quickly. <system> improves the quality of the work I do. <system> makes it easier to do my job. <system> enhances my effectiveness on the job. <system> gives me greater control over my job. <system> improves my productivity.
Ease of Use
It is easy to get <system> to do what I want it to do. Overall, <system> is easy to use. Learning to operate <system> is easy for me. Interacting with <system> does not require a lot of my mental effort. Behavioral Intention I intend to continue using the <system>. I predict I would continue using the <system>. I plan to continue using the <system>.
Satisfaction

Disconfirmation Items Usefulness
Compared to my initial expectations, the ability of <system>:
To improve my performance was (much worse than expected … much better than expected). To increase my productivity was (much worse than expected … much better than expected). To enhance my effectiveness was (much worse than expected … much better than expected).
Ease of Use
Compared to my initial expectations: It was easy to get <system> to do what I want it to do (much worse than expected … much better than expected). Overall, <system> was easy to use (much worse than expected … much better than expected). Learning to operate <system> was easy for me (much worse than expected … much better than expected).
Interacting with <system> did not require a lot of my mental effort (much worse than expected … much better than expected).
Appendix C Model Specifications Using Difference Scores and Direct Measures
Much prior expectation disconfirmation research has either used difference scores or direct measurement models to examine the relationship among expectations, experiences, and outcome variables. Below, we briefly explain these models and present the results of these models using our empirical data. 
Note: D = direct measure of disconfirmation; Z = outcome; X = experience; Y = expectation; b1 = coefficient of the difference score or the direct measure of the difference score.
Difference Score Models
Based on the nature of the relationship (linear or curvilinear), Edwards and Harrison (1993) and describe the use of two types of difference score models: (1) 
Direct Measurement Models
In order to avoid the problems with difference scores, Irving and Meyer (1994 , 1995 , 1999 discussed prior research that used direct measurement models, where the difference between X and Y (component measures) was directly measured instead of being computed. Irving and Meyer (1994 , 1995 , 1999 illustrate that direct measurement models not only suffer from problems associated with difference scores, but also create additional problems (see Venkatesh and Goyal 2010) .
Model Testing: Linear Models
Because the assimilation model and the contrast model are both linear models represented by the equation Z = b 0 + b 1 U 1 + b 2 U 2 + e, their constrained models can also be represented by an algebraic difference model and a linear direct measurement model. Recall that the assimilation model requires expectations to be a dominant predictor of the outcome whereas the contrast model requires experiences to be a dominant predictor of the outcome. Therefore, we expect the coefficient of the difference score (experiences -expectations) and the direct measure to be negative for the assimilation model and positive for the contrast model.
The results of the constrained difference scores model for all three dependent variables (i.e., BI, use, and satisfaction) are presented in Tables  C2-C4 . The results of the constrained direct measurement model for all three dependent variables (i.e., BI, use, and satisfaction) are presented in Table C5 . The coefficient of the difference score (BI: 0.30, p < .01; use: 0.24, p < .01; and satisfaction: 0.24, p < .001) is positive for all three dependent variables, indicating that the assimilation model is not supported by the difference score model. The coefficient of the direct measure (BI: 0.24, p < .001; use: 0.23, p < .001; and satisfaction: 0.23, p < .001) is also positive for all three dependent variables indicating that the assimilation model is not supported by the direct measurement model. explains that for a constrained model to support a theoretical model, an unconstrained model should not explain higher variance in the outcome variable than the constrained model. Because the variance explained by the constrained models (i.e., difference scores and direct measurement models) is significantly less than the variance explained by an unconstrained linear model (see Tables 4-6), both assimilation and contrast models are rejected. Moreover, significantly higher variance explained by the curvilinear difference scores and direct measurement models (see Tables C2-C5 ) provides further evidence that both assimilation and contrast models are rejected.
Model Testing: Curvilinear Models
As the generalized negativity model involves a second-order curvilinear relationship and is represented by the equation Z = b 0 + b 1 U 1 + b 2 U 2 + b 3 U 1 2 + b 4 U 1 U 2 + b 5 U 2 2 + e, this model can be tested by the squared difference model and the direct measurement model where a square of the direct measurement term would be used. Recall that the generalized negativity model requires that the outcome variable is maximized when expectations are equal to experiences. As differences between expectations and experiences increase, the outcome variable decreases. Therefore, we expect the coefficient of the squared difference score term and the squared difference score term to be negative and significant. As presented in Tables C2-C4, the coefficient of the difference score (BI: 0.07, n.s.; use: 0.16, p < .05; and satisfaction: 0.13, p < .05) and the direct measure (BI: 0.23, p < .001; use: 0.13, p < .05; and satisfaction: 0.14, p < .05) were positive for all three dependent variables indicating that the generalized negativity model is not supported. Moreover, the unconstrained model explained more variance (R 2 = 0.58 for BI; R 2 = 0.51 for Use; R 2 = 0.53 for Sat) than the constrained model, providing further evidence that the generalized negativity model is not supported. . Recall that for the assimilation-contrast model, outcome is explained by expectations for small differences in expectations and experiences and outcome is explained by experiences for large differences in expectations and experiences. Such a relationship is represented by a wave-shaped graph along the X-Y axis which requires the coefficient of (U 1 -U 2 ) 3 and their direct measure to be significant. As presented in Tables C2-C4 , the coefficient of the difference score (BI: 0.08, n.s.; use: 0.12, p < .05; and satisfaction: 0.07, n.s.) and the direct measure (BI: 0.13, p < .05; use: 0.13, p < .05; and satisfaction: 0.16, p < .05) were either not significant or marginally significant. Moreover, the unconstrained model explained more variance (R 2 = 0.69 for BI; R 2 = 0.70 for Use; R 2 = 0.68 for Sat) than the constrained model, providing further evidence that the assimilation-contrast model is not supported. 
Notes:
1. BI 2 = behavioral intention measured at t 2 ; BI 1 = behavioral intention measured at t 1 ; EOU 1 = experienced ease of use; EOU 2 = expected ease of use; U 1 = experienced usefulness; U 2 = expected usefulness. 2. Control variables: EOU 1 , EOU 2 , Gender (1 represents women), and Age. 3. Variables measured at time t 1 : EOU 2 , U 2 , BI 1 , Gender, and Age. 4. Variables measured at time t 2 : EOU 1 , U 1 , BI 2 . 5. *p < .05; **p < .01; ***p < .001. 
